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 Sentiment analysis is an upcoming field of text mining area. Sentiment analysis / opinion mining is the process of tracing 

opinions, views or suggestions of a particular twitter dataset. Today internet plays a vital role in the world. People are used 

online applications in their day-to-day life. By means of these online applications huge number of opinions is given by the user. 

The reviews of twitter dataset which gives the success level of the twitter. There are many algorithms have been used to find the 

opinion in sentiment analysis. Retrieving documents by subject is goal of information retrieval. There are some aspects of textual 

content, which form equally valid selection criteria. Retrieving documents by subject is goal of information retrieval. There are 

some aspects of textual content, which form equally valid selection criteria. The results show that we get 80.6 % accuracy form 

Random forest .we can increase the accuracy of classification as increase the training data. 

1. INTRODUCTION 

 Social media platforms such as Facebook and 

YouTube collect massive amounts of user reviews, 

forming a rich source of information for companies to 

understand their customers. Word-of-mouth (WOM) 

marketing activities also positively influencecustomer 

purchase decisions. Messages posted on social media 

have a great impact on and provide guidance for 

individuals, organizations, and social communities in 

the decision-making process [1].These reviews and 

messages can be used to analyse opinions towards 

different brands, companies, products, and even 

individuals. Sentiment analysis is the process of 

determining whether a given text or speech is positive, 

negative, or neutral. Many text mining algorithms are 

based on NLP techniques such as part-of-speech tagging 

(POG), syntactic parsing, and other types of linguistic 

analysis [2].Sentiment analysis has gained popularity 

with the rise of Web 2.0. However, natural language 

processing tools are not always useful in the social 

media domain [3]. Unlike product reviews and 

lengthycomments, microblogs (e.g., tweets) and 

messages posted on fan pages are short and informal 

text. Social media language is relatively short and 

contains special words including emoticons, emphasis, 

and social media slang. In emoticons, specific 

charactersare used to express emotions. Slang words 

include lol and omg. These words are usually important 

for sentiment 

ABSTRACT 

https://doi.org/10.46501/IJMTST0807009
http://www.ijmtst.com/vol8issue07.html
https://doi.org/10.46501/IJMTST0807009
https://doi.org/10.46501/IJMTST0807009
http://www.ijmtst.com/vol7issue11.html


  

 

 
59  International Journal for Modern Trends in Science and Technology 

 

 

  
Figure 1. Generic machine LearningMethod 

analysis, but are not always included in sentiment 

lexicons [4]. Traditional NLP cannot be used to process 

such text. We extend our previous approach [5] in which 

we apply opinion mining techniques to analyse movie 

reviews obtained from IMDb fan pages. In this study we 

propose a deep-learning based framework to handle 

slang and special social language. Taking into account 

such special terms, we mine crowd intelligence by 

processing customer reviews from different types of 

social media. We will publish our own semantic 

database for further research. 

 

2. STATISTICAL TECHNIQUES 

The development of today’s AI applications started with 

using the age-old traditional statistical techniques. 

There are several other such statistical techniques which 

are successfully applied in developing so-called AI 

programs. We say “socalled” because the AI programs 

that we have today are much more complex and use 

techniques far beyond the statistical techniques used by 

the early AI programs.Some of the examples of 

statistical techniques that are used for developing AI 

applications in those days and are still in practice are 

listed here: 

• Regression 

• Classification 

• Clustering 

• Probability Theories 

• Decision Trees 

 

3 . OPINION MINING 

Opinions are central to nearly all individual activities 

and are key influencers of our behaviours. Our beliefs 

and perceptions of actuality, and the choice we make, 

are, to a considerable degree, conditioned upon how 

others see and evaluate the world[6]. For this motive, 

when we need to make a choice we often seek out the 

opinions of others. This is not only right for individuals 

but also true for organization. Opinions and its related 

concepts such as sentiments, evaluations, attitude, and 

emotion the subject of study of sentiment analysis and 

opinion mining. opinion mining is the field of study that 

analysis people’s appraisals,attitudes, opinions, 

sentiment, evaluations and emotions towards entities 

such as , services, organization, individuals, events, 

topics, issues and their attributes[7]. There are also a lot 

of names and slightly special tasks, e.g., sentiment 

analysis, opinion mining, opinion extraction, sentiment 

mining, subjectivity study, concern analysis, emotion 

analysis, review mining, etc. While in industry, the 

period sentiment analysis is more usually used, but in 

university both sentiment analysis and opinion mining 

are frequently in employment. Sentiment analysis and 

opinion mining mostly focus on opinions which express 

or imply positive or negative sentiments[8].A Large 

amount of user reviews or proposals on all is 

contemporary on the web these days reviews may 

contain the huge volume of reviews on products or 

services which supports further users in their choice 

creation. Criticisms are aggregate in a faster rate day by 

day because each individual likes to give their view on 

the Net[9]. Large numbers of reviews are accessible for a 

solo product which makes tough for a client to deliver 

all the reviews and make a decision. Thus, withdrawal 

this data, recognizing the user opinions and categorize 

them is an imperative task. Opinion Mining is a Natural 

Language Processing (NLP) , Information Extraction 

(IE) task that purposes to gain methodologies of the 

writer uttered in positive or negative interpretations by 

considering a large number of brochures. It 

conglomerates the techniques of the computational 

linguistics and the Information Retrieval (IR). The main 

assignment of Sentiment analysis is to classify the 

documents and fix its polarity. Polarity is stated as 

positive, negative or neutral.  

 
Figure: 3 .Opinion Mining Types 

 

4 . PROPOSED SYSTEM 

These proposed systems develop our own one of a kind 

corpus through a twitter application. To genuinely set 

up the framework to acknowledge contributions to the 
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type of notices from the corpus, insulting updates that 

don't contain words or face emoticons[10].The limit of 

the framework to arrange the furthest point of a 

supposition for every declaration premise, in the midst 

of the testing stage.A sentence based opinion mining 

classify the document as positive, negative and neutral. 

It is also handled RF. RF requires a high amount 

organize review as expressing optimistic or pessimistic 

opinions at sentence level. The running time of RF is 

higher than that of any dataset[11]. 

A system architecture or systems architecture is the 

conceptual model that defines the structure, behavior, 

and more views of a system. An architecture description 

is a formal description and representation of a system, 

organized in a way that supports reasoning about the 

structures and behaviors of the system[12]. 

 
Figure: 4 .System architecture 

 

5. TWITTER DATASET 

The experiment uses Sentiment analysis twitter dataset 

obtained from UCI machine learning repository. The 

data set consists of total 1038instrance 2 attributes; in 

this experiment 2 attributes are used. 

Number of Instances: 1038 

Number of Attributes: 2 (all nominally valued)  

 

6 . POS TAGGING 

Once gathering the reviews, they are shown to the POS 

tagging element where POS taggers that tag all the 

words of the sentences to their suitable part of speech 

tag. POS tagging is an essential segment of opinion 

mining, it is compulsory to fix the structures and 

opinion words from the reviews. POS tagger is used to 

tag all the words of reviews or criticisms.Basically few of 

the general opinion words along with their polarity that 

is stored in the seed list. All the opinion words are 

mined from the tagged (pos) output. The extracted 

opinion words that are matched with the words stored 

in the seed list[12]. If the word is not found in the seed 

list then the synonyms are determined with the help of 

word net. Every synonym is harmonized with the words 

in the seed list if any accorded synonym then the mined 

opinion word is stored with the similar polarity in the 

seed list. If none of the synonyms is matched then the 

antonym is firm from the word net and the same 

progression is repeated, if anybody is matched then 

mine opinion word is deposited in the conflicting 

polarity in the seed list. Like that seed list is kept on 

increasing. It will be increased each and every 

timewhenever the synonymsandantonyms word are 

found in word net matches with seed list. 

 

7  . DATA PREPROCESSING 

Data pre-processing is a data mining technique that 

involves transforming raw data into an understandable 

format. Real-world data is often incomplete, 

inconsistent, and/or lacking in certain behaviours or 

trends, and is likely to contain many errors[13]. Data 

Pre-processing is a proven method of resolving such 

issues. Data pre-processing prepares raw data for 

further processing. Data pre-processing is used 

database-driven applications such as customer 

relationship management and rulebased applications 

(like neural networks). 

7.1  Data in the real world is dirty 

 incomplete: lacking attribute values, lacking 

certain attributes of interest, or containing only 

aggregate data 

 noisy: containing errors or outliers 

 inconsistent: containing discrepancies in codes 

or names 

 No quality data, no quality mining results! 

 Quality decisions must be based on quality data 

 Data warehouse needs consistent integration of 

quality data 

7.2  Data cleaning  

Fill in missing values, smooth noisy data, identify or 

remove outliers, and resolve inconsistencies.Data 

cleaning is a process used to determine inaccurate, 

incomplete or unreasonable data and then improve the 

quality through correcting of detected errors and 
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omissions. Generally data cleaning reduces errors and 

improves the data quality. Correcting errors in data and 

eliminating bad records can be a time consuming and 

tedious process, but it cannot be ignored. Data mining is 

a key technique for data cleaning[14]. 

 Data cleaning tasks 

 Fill in missing values 

 Identify outliers and smooth out noisy data  

 Correct inconsistent data 

 Data is not always available 

 
Figure 5.4 Missing Data 

7.3  Handle Missing Data 

 Ignore the tuple: usually done when class label 

is missing (assuming the tasks in 

classification—not effective when the 

percentage of missing values per attribute 

varies considerably) 

 Fill in the missing value manually: tedious + 

infeasible? 

 Use a global constant to fill in the missing value: 

e.g., “unknown”, a new  

 class?!  

 Use the attribute mean to fill in the missing 

value 

 Use the most probable value to fill in the 

missing value: inferencebased such as Bayesian 

formula or decision tree. 

8 . RANDOM FOREST  

Random Forest is a popular deep learning algorithm 

that belongs to the supervised learning technique. It can 

be used for both Classification and Regression problems 

in DL[15]. It is based on the concept of ensemble 

learning, which is a process of combining multiple 

classifiers to solve a complex problem and to improve 

the performance of the model. As the name suggests, 

"Random Forest is a classifier that contains a number of 

decision trees on various subsets of the given dataset 

and takes the average to improve the predictive 

accuracy of that dataset." Instead of relying on one 

decision tree, the random forest takes the prediction 

from each tree and based on the majority votes of 

predictions, and it predicts the final output. 

Below are some points that explain why we should use 

the Random Forest  

algorithm: 

• It takes less training time as compared to other 

algorithms.  

• It predicts output with high accuracy, even for the 

large dataset it runs  

efficiently. 

• It can also maintain accuracy when a large 

proportion of data is missing.  

Random Forest works in two-phase first is to create the 

random forest by combining N decision tree, and second 

is to make predictions for each tree created in the first 

phase. The Working process can be explained in the 

below steps and diagram: 

Step-1: Select random K data points from the training 

set.  

Step-2: Build the decision trees associated with the 

selected data points (Subsets).  

Step-3: Choose the number N for decision trees that you 

want to build.  

Step-4: Repeat Step 1 & 2. 

Step-5: For new data points, find the predictions of each 

decision tree, and assign the new data points to the 

category that wins the majority votes. 

 

9 . CONCLUSION 

 Twitter opinion is a proficient social networking site 

which can be used as a great advantage by people. We 

have thus added to the importance of social media by 

enabling a person to know the name of the person, 

twitter counting by counting on the live opinion. The 

random forest has been introduced as a WEKA tool for 

many aspects of deep learning including classification. 

These techniques are easily applied to twitter post 

opinion sentiment analysis. Twitter opinion sentiment 

analysis is difficult because it is very tough to identify 

emotional words form opinion and also due to the 

presence of the repeated characters, noise data, white 

spaces, misspellings etc. To handle these problems the 
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feature vector is created. Before creating feature vector 

pre-processing is done on each product opinion. Then 

features are extracted in two phases: First phase is the 

extraction of the twitteropinion specific word. Then they 

are removed from the text. Now extracted feature vector 

is transformed into normal text. After that, features are 

extracted fromopinion which is normal text without any 

hash tags or words. There are different deep learning 

classifiers to classify the tweets. From our results shown 

that random forest performs well and also random 

forest RF. So we can increase the accuracy of 

classification as increase the training data. 
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