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Abstract: In this report, an effort was made to make financial-related decisions, such as stock market research and forecasts, to 

estimate the future prices of the company's stock, and to satisfy the need for this, Twitter data was considered to give the firm an 

idea. Streaming data continues to be a perennial source of data processing obtained in real time. Streaming data is simply a 

continuous flow of data that brings information from sources such as blogs, cell phone apps, server logs, social websites, trading 

floors, etc. The key characteristics of such data are their usability and availability, which aid in the proper analysis and prediction 

of user activity in a continuous manner. The classifying model made from historical data can be continuously refined to yield still 

more precise results, since the result is often compared to the next tick of the clock. Spark streaming has been considered for the 

processing of humongous data and data ingestion methods such as the Twitter API and Apache Kafka have been further studied. 
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INTRODUCTION 

Technologies have become part of our everyday lives 

and we can't ignore the fact that with the world going 

online and rather more virtual, our lives have become 

simple and relaxed. As more and more people choose to 

go online, looking at the lives they lead online has 

become important. It is more comforting for most of us 

to offer opinions or, to be general, information onlineTo 

do the same, social media provides us with a forum. 

Being a popular social network, Twitter receives a large 

amount of traffic. It's fairly common for a place where 

people love to express their views. It provides 

businesses, developers, and users with programmatic 

access to Twitter data through their APIs to exchange 

information on Twitter as broadly as possible 

(Application Programming Interfaces). Using some 

technology, the data can be stored in a database. In 

addition, the stored data can be used to evaluate certain 

circumstances, the most common of which is to analyze 

the influence of certain parties on individuals in an 

election or to analyze how certain goods that have 

recently been launched on the market perform. The key 

problem that one faces while performing this role is 

managing the stream of incoming information. We 

therefore use Kafka, a software framework for 

open-source stream-processing that offers a single, 

high-throughput, low-latency platform for handling 

real-time data feeds. 

 

TECHNOLOGIES USED & BUILD ENVIRONMENT  

1.Apache Kafka: Apache Kafka is an open-source 

stream-processing software framework written in scala 

and java, created by the apache software foundation. 

Based on the commit log, Apache Kafka enables users to 

subscribe to it and publish data to any number of 

systems or real-time applications. 

 

2.Twitter API: The Twitter API helps you to read and 

write data about Twitter. You can therefore use it to 

write messages, read profiles, and access the data of 

your followers and a large volume of tweets in specific 

locations on specific topics. 

 

3.Apache ZooKeeper: ZooKeeper is a distributed 

coordination service designed for the management of 

large hosts. It is a dynamic process to co-ordinate and 

operate a service in a distributed environment.With its 

simple architecture and API, ZooKeeper solves this 

problem. Apache ZooKeeper is a cluster (group of 

nodes) service used with robust synchronization 

techniques to coordinate between themselves and 

maintain shared data. ZooKeeper itself is a distributed 

application that offers distributed application writing 

services. 

Some of the common services provided by ZooKeeper 

are − 

i. Cluster management − Real-time joining/leaving of a 

node in a cluster and node status. 

ii. Leader election − Electing a node for communication 

purposes as a representative. 

iii. Highly reliable data registry − Data availability even 

when one or a couple of nodes are down. 

iv. Naming service − Identifying the nodes by name in a 

cluster. It is close, except for nodes, to DNS. 

v. Configuration management − The most current and 

up-to-date device configuration information for the 

joining node. 

vi. Locking and synchronization service − Locking the 

data while it is being updated. This framework allows 

you to automatically recover from failure when other 

distributed applications such as Apache HBase are 

linked. 

4.Apache Maven: Maven is a construction automation 

tool that is mostly used for Java projects. Maven can 

also be used to develop and manage c#, ruby, scala, and 

other language-written projects.The Apache Software 

Foundation, which was previously part of the Jakarta 

Project, hosts the Maven project. Maven is designed 

using a plugin-based architecture that allows standard 

input to monitor any program. A plugin for the.net 

framework exists and is maintained, and a native C/C++ 

plugin for maven is maintained. 

 

5.PomXML: POM stands for "project object model". It is 

an XML representation of a maven project held in a file 

named pom.xml the pom contains all necessary 

information about a project, as well as configurations of 

plugins to be used during the build process. It is the 

declarative manifestation of "who" "what" and "where" 

while "when" and "how" are the building lifecycle.This 
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does not mean that the pom is unable to influence the 

lifecycle flow - it can. For instance, one can insert apache 

ant tasks inside the pom by setting up the 

maven-antrun-plugin. However, it is ultimately a 

declaration. While a build.xml tells ant exactly what to 

do (procedural) when it is run, a pom states its 

configuration (declarative).If any external force causes 

the lifecycle to miss execution of the ant plugin, it does 

not stop the executed plugins from doing their magic. 

This is unlike a file called build.xml, where tasks almost 

always rely on the lines that are executed before them. 

6.Hibernate: Hibernate ORM (or simply hibernate) is an 

object-relational mapping tool for the java 

programming language. It provides a basis for a 

relational database to map an Object-Oriented domain 

model. If the execution of the ant plugin causes some 

external force to skip the life cycle, it does not stop the 

executed plugins from doing their magic.This is unlike a 

file called build.xml, where tasks almost always rely on 

the lines that were executed before it.This creates SQL 

calls and releases the developer from the result set's 

manual handling and object conversion. 

7.Spring boot:Spring boot is a java-based open source 

platform used to build a micro service.. Using a spring 

boot, it is simple to build stand-alone and production 

ready spring applications. Spring boot provides 

extensive support for the development of a micro 

service infrastructure and helps you to build 

enterprise-ready applications that can be on-hand. It is 

developed by pivotal team.  

METHODOLOGY 

1. A Twitter Developer account is created. 

2. To retrieve real-time data sources, integrate Apache 

Kafka with the Twitter API. 

3. Create and integrate a Java program on Maven with 

Kafka, which further extends to a database to store 

the appropriate data set from the acquired data 

stream obtained by Kafka from Twitter. 

4. Using queries to access additional sub-data from the 

database. 

RESULT AND DISCUSSION 

The actual stock prices of Google, Microsoft and Apple 

have been compiled using the Yahoo Finance website, 

which views the performance indicator as ground fact. 

The estimated stock price for the testing data is 

compared with the predicted stock price. 5,60,000 

tweets spanning Twitter's 13 years are included in the 

procured dataset. 

The set of guidelines contains the same set of correctly 

listed as positive and negative reviews from the 

organization under consideration. Collected Twitter 

data The last 200 days was taken as a dataset of studies. 

The prediction graph was mapped along with a plot 

showing the weighted polarity of the tweets made on 

that very day for each of the company-based 

background dataset names. 

 

 

                     (a) Prediction for 150 Epoch 

 

 
                    (b) Prediction for 300 Epoch 

 
                   (a) Prediction for 150 Epoch 
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                    (b) Prediction for 300 Epoch 

CONCLUSION  

This project has a broad variety of applications. It is 

typically developed for the study of tweets and the 

development of predictive models. To help 

election/ad/marketing campaigns dig into social media 

discussions (public opinions) in order to get insights 

into intelligent decision-making, predictive models are 

developedDifferent studies suggest that these forms of 

research can be automated and can yield useful results, 

as more and more personal opinions are made 

accessible online. The study shows that public mood 

sentiment analysis derived from Twitter feeds can 

essentially be used to predict individual stock price 

movements.Different studies suggest that these forms 

of research can be automated and can yield useful 

results, as more and more personal opinions are made 

accessible online. The study shows that public mood 

sentiment analysis derived from Twitter feeds can 

essentially be used to predict individual stock price 

movements.  

In addition, using the incremental active learning 

approach, the technique was adapted to a stream-based 

environment, which allows the algorithm the 

opportunity to select new training data from a data 

stream for hand labeling. Stream-based active learning 

for sentiment analysis of financial microblogging 

messages can lead to both sentiment analysis and active 

learning research. In addition, this experiment has also 

been conducted with the assistance of RNNs Long 

Short-Term Memory feasibility analysis via batch 

processing (LSTM). This allows to further explore the 

streaming of online stock data accessible on different 

financial websites, which will provide a better model for 

a specific business to evaluate and forecast future stock 

prices.Thus, it is possible to implement a hybrid model 

based on an interpretation of the emotions and the 

current stock trend in the rise or fall of prices that will 

boost its reliability as well as the prediction's 

trustworthiness. In the future, it is possible to use 

eclectic machine learning algorithms for stock data 

prediction, such as deep learning models.Other data 

ingestion strategies such as data ingestion via Apache 

Flume or NodeJs can also be introduced and can be 

compared for the same performance and accuracy. 
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