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Data mining is a method which finds useful patterns from large amount of data. As vast amounts of 

information are created quickly, effective information access becomes an important matter. Particularly for 

important domains, such as health check and monetary areas, well-organized recovery of succinct and 

related information is highly desired. In this paper we propose a new user query based text summarization 

technique that makes use of WordNet, a common information source from Princeton University. Our 

summarization structure is expressly tuned to recapitulate health care documents.  
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I. INTRODUCTION 

Text summarization is the crisis of creating a short, 

precise, and flowing outline of a longer text file. 

Automatic text summarization methods are really 

essential to speak to the ever-growing quantity of 

text data accessible online to together enhanced 

help determine relevant in sequence and to 

consume relevant in sequence earlier. in sequence 

plays a key role in our humanity. As enormous 

amounts of knowledge are created and accessible 

through WWW, how to powerfully and effectively 

distribute and admittance these valuable data 

becomes critical. A common Web search engine 

tries to give out as an information access agent. It 

retrieves and position in order according to a user’s 

query, and it previously makes a giant impact on 

how we search and organize information. But 

present search engines only achieve petty string 

processing owing to the lack of deep understanding 

of usual languages and human intelligence, and 

users usually have to go through pages before they 

find something useful or provide up. It may not 

matter much if user wants in order about a couple 

of shoes, but it will be a serious difficulty for crucial 

tasks, such as in medical or else. 

 

II. METHODOLOGY 

Information recovery systems consist of many 

intricate workings. Investigate and progress of 

such systems is often hindered by the intricacy in 

evaluating how each particular section would 

behave across many systems. We present a work of 

fiction integrated information retrieval system—the 

Query, Cluster, Summarize (QCS) system which is 

portable, modular, and permits carrying out tests 

with dissimilar instantiations of each of the 

constituent text analysis components. Most 

prominently, the grouping of the three types of 

methods in the QCS design improves retrievals by 

given that users more focused information well 

thought-out by topic. 

HelpfulMed 

HelpfulMed provides admission to health check 

information on the Internet and in medical-related 
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databases for expert and higher users. Users can 

locate health check information by extracting noun 

phrases and formative relationships with other 

medical terminology through concept- based 

explore support 

THE NEED FOR ONTOLOGY 

We notice that all the above mentioned work 

assumes that all information provided by different 

sources to be integrated is covered by a domain 

model. On the other hand, information is not 

necessarily presented in the same way. Due to this 

fact, information switch over is not an easy task if 

different actors (producers or consumers of 

information) have not agreed on the semantic of 

data. It is obligatory then to define an "alphabet" to 

ensure a good interpretation and accepting of 

exchanged data.  

Enormous numbers of stipulations are used in 

medical do- main. To interpret a health check 

document, understanding of these term and 

The role of the ontology is to provide a common 

model that ensures the smallest requirements for 

this purpose. In fact, such a model allows one to 

assemble a common analysis of different sources. 

Ontology is a technique to discompose humankind 

into objects, and a way to describe these objects. 

This is a partial account of the world, depending on 

the objectives of the designer and the requirements 

of the submission or system. Designed for each 

domain, there may be a numeral of ontologies. The 

use of ontology differs from an application to one 

more, so are its design and its formalism of 

representation. 

 

WordNet 

WordNet is a machine-readable lexical record for 

English commonly used in computational 

linguistics group of people developed at Princeton 

University. The record consists of linked words, 

first and foremost nouns, verbs, adjectives and 

adverbs. These words are organized into synonym 

sets called synsets, and associated by three 

lexicon-semantic relations – hypernym, meronym 

and pertainym. 

Their association is incredibly important. 

Ontology is a description of the concepts and 

associations. High-quality ontology information is 

the key to improve the quality of medical 

information repossession and management. In this 

paper we use Unified Medical Language System 

(UMLS) from National Library of Medicine (NLM) as 

our main medical ontology understanding base.The 

Metathesaurus is a multi-lingual terms database 

that contains definitions of biomedical terms, their 

various names, and the relationships among them. 

The Semantic set of connections categorizes all 

concepts controlled in the Metathesaurus into 

organisms, anatomical structures, biological 

function, chemicals, proceedings, corporal objects, 

and concepts or ideas. The Semantic Network also 

defines a set of relationships stuck between these 

concepts. These relationships supply the structure 

for the network. The primary relationship is the 

―isa‖ link, which establishes the chain of command 

of types surrounded by the Network. There is also a 

set of non-hierarchical relationships, such as, 

―physically related to‖, ―spatially associated to‖, 

―temporally associated to‖, ―functionally correlated 

to‖ and ―conceptually correlated to‖ 

III. SUMMARIZATION STRUCTURAL DESIGN 

Text summarization has turn out to be an 

important region in text mining and generated a lot 

of research interest recently. There are two types of 

approaches the knowledge-based approaches 

construct a semantic representation intended for 

the summarization task, such as a set of logical 

forms using ontology knowledge or a template 

describing a number of key concept etc. 

The exterior features-based approaches select 

summary substance from the source based position 

in order. 

Summarization Procedure: 

 Improve the query with WordNet or UMLS 

ontology information. We will add applicable 

keywords, delete redundant keywords. We return 

the revised query and let the user finalize it.  

Estimate distance of each sentence in the 

manuscript to the finalized question. Distance 

function used will be metrics. If the detachment is  

less important than a threshold, the sentence will 

be a candidate to be included in the summary. 
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Calculate pair-wise distances among the applicant 

sentences. Then, divide contender sentences into 

groups based on a threshold and select 

highest-ranked one beginning every group. 

IV. RESULTS 

 Even though we have performed a redundancy 

decrease step, it is not sufficient since the repetitive 

reporting of the same information from numerous 

documents. 

Be deficient in of syntax examination. Due to the 

lack of syntax analysis, we rely solely on the quality 

of the original documents. Grammatically 

erroneous sentences in the original documents 

hurt the quality of our summing up. 

Query examination. We require a more stylish way 

to analyze the innovative query. 

V. DISCUSSION 

In this paper we accessible our on-going work on 

customer query-based summarization scheme and 

our understanding of participating in the DUC 

2007. Ontology knowledge is established to be an 

efficient way to go away from the mere 

keyword-based information repossession methods. 

With our experiment, we feel that ontology 

knowledge can be further utilized in other fields of 

extensive information administration and 

knowledge finding process. Our future work 

includes: 

 Index and systematize generated summaries for 

outlook access and use again. 

 Integrate our summarization constituent into a 

broad medical information repossession system, 

which may include file clustering, ranking and 

additional components. 

 Use thresholds for selecting sentences in the 

summing up using statistical data of sentences 

in the conceptual when it is available. 

 make use of some natural language processing 

techniques in our method, such as parsing and 

syntax examination. 
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